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Abstract: For the problem that the existing link prediction method has many problems, including low accuracy and low
efficiency, a method of high-order path similarity link prediction was proposed. Firstly, the path was used as the judging
feature to predict missing links in complex networks, which could make resource allocation more effective and restricts
information leakage by punishing public neighbor pairs. Secondly, by using high order paths as judging features, the
available long paths between seed nodes would be punished. Finally, several real complex network datasets were used for

numerical examples calculation. Experimental results show that the proposed algorithm is more accurate and efficient
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than other baseline methods.
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